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Text, as a fundamental carrier of human language and culture, exhibits high structural and semantic complexity. Its
systematic analysis is essential for understanding linguistic patterns and cultural transmission. A Dream of Red Mansions
and All Men Are Brothers, two masterpieces of Chinese classical literature, have long been central to debates regarding the
authorship of their later chapters. Previous studies, often based on word-frequency statistics, function word distributions,
entropy measures, and complex network analyses, have provided valuable insights into stylistic differences; however, they
remain limited in capturing cross-scale structural features. To address this gap, we apply a multi-scale structural com-
plexity approach based on character-frequency time series to analyze the structural evolution of both novels under various
segmentation strategies. Our results reveal significant differences in peak complexity positions, overall complexity levels,
and intra-textual variations between the two works, which are closely linked to changes in authorship and stylistic pat-
terns. This study not only provides new quantitative evidence for resolving authorship disputes in classical literature but
also demonstrates, from the perspective of structural complexity, the profound depth and unique charm of Chinese literary
expression, highlighting the richness of Chinese language and culture. Moreover, it emphasizes the potential of structural
complexity analysis as a versatile tool for textual analysis and style attribution.
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1. Introduction

Human language, as a highly complex social system, is
the product of a long-term interplay between cultural devel-
opment and biological evolution.!!! With the continuous ad-
vancement of statistical theory and the rapid growth of com-
putational techniques, scholars have carried out systematic
and in-depth studies of linguistic systems, producing impor-
tant achievements in several directions.?! For example, word-
frequency distributions have been shown to follow Zipf’s law
in a wide variety of languages,'*~"! not only in modern lan-
guages such as English and French, but also across diverse lin-
guistic contexts. In addition, scale-free properties have been
consistently observed at the levels of words and letters, 810!
indicating a strong self-organizing nature of language. Com-
plex network theory has also been employed to character-
ize the topological structures of linguistic systems, uncover-
ing relational networks among words and enabling compara-

=141 These ap-

tive studies and classification of languages.|
proaches have significantly advanced our understanding of the
universal principles of language. However, when applied to
Chinese classical novels, which are lengthy, structurally lay-
ered, and linguistically unique, such methods often fall short in

capturing cross-scale organizational features, thereby limiting
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a comprehensive representation of their internal complexity.

Chinese classical literature, as an important carrier of
China’s profound traditional culture, embodies not only im-
mense artistic value but also deep-rooted national spirit and
cultural heritage. Its linguistic richness and hierarchical struc-
ture offer an ideal context for exploring the complexity of
the Chinese language from a multi-scale perspective. Among
these works, A Dream of Red Mansions (ADRM) and All Men
Are Brothers (AMAB) stand as monumental masterpieces,
renowned for their expansive scope, artistic sophistication, and
profound cultural influence.

Nevertheless, the authorship and division of labor in the
creation of these works have long been subjects of scholarly
debate, forming a central topic in literary studies. ADRM was
originally published anonymously, leaving the question of au-
thorship unresolved until well into the early 20th century.!!!
The prevailing view attributes the first 80 chapters to Xueqin
Cao and the remaining 40 chapters (Chapters 81-120) to E
Gao, yet this attribution remains contested.'®] The case of
AMARB is even more intricate: most scholars agree that the
first 70 chapters were written by Nai’an Shi, while the final 30
chapters may have been added by Guanzhong Luo.!!'”) Investi-
gating these questions not only addresses a fundamental issue
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in literary history but also offers valuable insights into the evo-
lution of textual style, the identification of authorship, and the
transmission of literary styles across historical periods.

In studies of textual style, lexical choices, syntactic struc-
tures, and function words have been widely recognized as key

indicators of authorial habits. 1820

| Word-frequency analysis
remains the most common technique, where frequent and dis-
tinctive words are compared across text segments to highlight

[21

stylistic differences.!”!! Entropy-based measures have been

applied to examine textual rthythm and information distribu-

[22] Function

tion, offering insights into structural variability.
words, due to their high frequency and independence from the-
matic content, have proven to be reliable markers of writing
style.[?3] These methods are valued for their simplicity, inter-
pretability, and statistical robustness. Nonetheless, they are
mostly limited to the lexical or syntactic level and often fail to
capture deeper organizational patterns, such as repetitive mo-
tifs or thematic transitions. This limitation becomes particu-
larly evident in the case of monumental works such as ADRM
and AMAB.[2!]

In recent years, methods inspired by statistical physics
and complex network theory have opened new perspectives
for textual analysis. These approaches emphasize macro-
level structures of texts. For instance, researchers have con-
structed character co-occurrence networks and chapter con-
nectivity graphs to study narrative frameworks, community
structures, and topological properties.?*2°1 With the devel-
opment of deep learning, graph neural networks have also
been introduced to model and visualize literary structures,
offering new ways to interpret narrative organization.30-32!
While these approaches demonstrate great potential in analyz-
ing story structures and large-scale organization, they primar-
ily focus on relational networks among characters, rather than
quantifying linguistic complexity or tracking subtle, longitu-
dinal shifts in authorial style. Thus, developing methods that
can capture both fine-grained details and macro-level patterns
across scales remains a pressing challenge.

To overcome the limitations of existing methods in
multi-scale linguistic structure analysis, this study employs a
multi-scale structural complexity (MSC) framework based on
character-frequency time series.>3>-3%! This method is devel-
oped with reference to the approach proposed by Bagrov et
al., which was originally designed to describe the structural
complexity of image data across multiple spatial scales. In
our adaptation, the text is first converted into a time series that
records the frequency of each Chinese character. A coarse-
graining scale k is then applied to measure the structural com-
plexity at different resolutions, where each scale reflects a spe-
cific level of organization within the text. This framework en-
ables the detection of both fine-grained repetitive patterns and
macro-level organizational features, thereby revealing the hi-

erarchical nature of linguistic structures.

Unlike traditional complexity measures such as entropy,
fractal dimension, or synchrony, which primarily quantify ran-
domness or self-similarity, multi-scale structural complexity
emphasizes the interactions between local and global features
and captures how these elements jointly shape the overall or-
ganization of the system. Thus, it provides a more comprehen-
sive description of linguistic organization across scales. This
capability is particularly valuable for lengthy and hierarchi-
cally structured works, such as Chinese classical novels, where
cross-scale structural patterns are essential to understanding
narrative composition and stylistic variation.

In this study, the method is applied to ADRM and AMAB
under multiple segmentation schemes: full text, division into
This
multi-level framework allows for a thorough characterization

two parts, three parts, and segments of 10 chapters.

of structural differences and helps pinpoint key locations that
may be related to changes in authorship or writing style. The
remainder of this paper is organized as follows. Section 2 de-
tails data sources, text preprocessing steps, and the method
of multi-scale structural complexity. Section 3 presents the
empirical results. Finally, Section 4 concludes by summa-
rizing contributions, outlining methodological limitations, and

proposing directions for future research.

2. Data and methods
2.1. Data

ADRM and AMAB are two of the Four Great Classi-
cal Novels of China. The textual data analyzed in this study
were obtained from digitized editions available on Wikisource
(https://zh.m.wikisource.org/wiki/Wikisource/). The ADRM
corpus contains 120 chapters, and the AMAB corpus corre-
sponds to a 100-chapter edition. The raw texts were collated
and proofread before conducting a character-frequency analy-
sis for each novel. Key metadata of the two corpora are sum-
marized in Table 1, where N, and Ny, denote the number of
chapters and the total number of Chinese characters, respec-
tively.

Table 1. Key metadata of the textual data.

Corpus Chapter total: N, Word total: Ny,
ADRM 120 726158
AMAB 100 669232

The dataset used for analysis is a time series representing
the frequency of each Chinese character in the text. Punc-
tuation marks were excluded, so that the series counts only
Chinese characters. As the only continuously used writing
system in the world for several millennia, Chinese charac-
ters embody the unity of form, sound, and meaning; they
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also reflect the continuity and vitality of Chinese civiliza-
tion. Through the structural analysis of character-frequency
sequences, this study reveals the mathematical characteristics
of the texts while also highlighting the unique advantage of
Chinese characters in encoding complex narrative and cultural
information. This intrinsic property of the Chinese writing
system provides a solid foundation for applying quantitative
methods to explore the structural complexity of classical lit-
erature. Accordingly, the constructed time series consist of
726158 and 669232 characters for ADRM and AMAB, re-
spectively.

@[ Emae mew. xR 6. R
SR A, LT R PR Bk 8 UL
WREHTIE, L RRSRITHIR, 4 R HAE, kA
AL SRR A, T, 7, EAAE T

(b) 4+
o
Z

2 o

l.ll 1|
70 80 90

n

Fig. 1. The procedure for converting text into a time series. Panel (a)
presents a sample excerpt from ADRM. Panel (b) illustrates the corre-
sponding occurrence sequence of each character from panel (a), where n
denotes the sequential order of each character’s appearance across seg-
ments, and Ny, represents its total occurrences in the entire text.

(a) 15000 F—— ADRM
12000 F
5 9000}
< 6000
3000}
ot . . . ! .
0 40 30 120 160 200
(b) 15000 —aAMAB
12000 F
¢ 9000}
< 6000}
3000}
OF, A , , \ \
0 40 80 120 160 200

n

Fig. 2. The first 200 data points of the occurrence sequences constructed
from the total occurrences of each Chinese character in the complete
texts of ADRM and AMAB. (a) The sequence corresponding to ADRM.
(b) The sequence corresponding to AMAB. Here, n denotes the sequential
order of each character’s appearance across segments, and N, represents
its total occurrences in the text.

The construction process can be illustrated using a short
excerpt from ADRM (Fig. 1(a)). The first character (high-
lighted in the red box) appears twice in the entire novel, so
that the first point in the series is #t; = 2. The second char-
acter (highlighted in the blue box) also appears twice, giving
t, =2, and so on. For an excerpt of 86 characters, this pro-
cedure yields a sequence of length 86 (Fig. 1(b)). Figure 2
presents the first 200 points of the sequence for ADRM and
AMAB generated by this method.

2.2. Method

In this study, we employed the method of multi-scale
structural complexity analysis based on scalar time series data
(S-MSC) to investigate the complexity of the stroke counts
and semantic definitions in the Four Great Classical Nov-
els of China.®* This method represents an extension of the
image-based structural complexity approach originally pro-

posed by Bagrov et al.,!%!

enabling the extraction of intrinsic
structural complexity from purely one-dimensional time se-
ries data. This method does not require high-dimensional or
image-based inputs. The entire approach consists of two main
steps: (i) transforming the time series into a two-dimensional
matrix representation; (ii) performing multi-scale structural
analysis on the resulting matrix to quantify how complexity
varies across scales.

Each character-frequency time series was first normalized
to the range [0, 1] using the min-max method. This normaliza-
tion eliminates the influence of absolute frequency differences
between texts, ensuring that the calculated complexity values
reflect structural characteristics rather than variations in over-
all frequency magnitude.

Step 1. Transformation of the time series into matrix
T

Let X = {X(1),X(2),...
ries of length S, and let 7 denote a fixed delay, typi-

,X(S)} be a scalar time se-
cally set to 1 unless otherwise specified. =~ We construct
two derived sequences: the truncated time series X; =
{X(1),X(2),...,X(S— 1)} and the delayed time series X, =
{X(14+1),X2+7),...,X(S)}. These two sequences are
jointly embedded in a two-dimensional coordinate system,
where the horizontal axis corresponds to X; and the vertical
axis to X». Each axis is partitioned into L equal segments,
yielding an L x L grid. For each cell in the grid, we compute
the mean of all data points falling within it. The resulting ma-
trix Tp(i, j) records the average value for the (i, j)th cell. This
matrix captures the underlying spatial distribution of the scalar
time series in a two-dimensional form.

Step 2. Multi-scale analysis of matrix T}

To capture structure at different resolutions, we perform
a multi-scale decomposition of matrix 7 through coarse-
graining. Specifically, for each scale k, we generate a new
matrix 7; by averaging over non-overlapping square patches
of increasing size.

At the first scale (k = 1), the matrix Tp is sequentially cov-
ered by non-overlapping modules of size & x & (with § =2 in
this study), and each module is replaced by the average of its
internal elements to generate the matrix 7;. This operation
preserves the original dimensions of the matrix (L x L) but re-
duces its structural detail. The process is applied recursively:
at scale k (1 <k <logg L), each element Ti.(i, j) is determined
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by averaging the values within the corresponding EX x EF re-
gion in the matrix 7;_;. The general recursive formula is

g g

gkxékZZTk !

m=1I[=

(el o) 0

where “|-|” denotes the floor function. This process continues

Ti(i,j) =

until the entire matrix is averaged into a single block. The re-
sulting matrices {T1,T,...,T,} reflect the system’s structure
at successively coarser resolutions.

The coarsening process is governed by a scaling param-
eter £. Here, &" represents the module edge length used to
cover the matrix during the nth renormalization step, with val-
ues greater than 1 and restricted to integers. For computational
convenience, we selected & = 2 in this study. This choice pre-
serves clear inflection points in Cy, and is sufficient for the SCN
system. For other systems, we recommend starting with & = 2;
if no inflection points are observed, the value of & can be in-
creased.

Step 3. Quantification of complexity across scales

To evaluate structural changes across scales, we define
the local structural complexity Cy at scale k as the difference
between T;_; and 7. Specifically, we define a local operator

1
Ok = =5 (Ti=Tier) - (Ti = Tie)
1
=T Tier =5 (T T = Ti—1 - Ti—1)

where “-” denotes element-wise multiplication. Using this, the
local complexity at scale k is computed as

L L
i=1 j=

= 0 indicates a completely regular segment with no

Cr= 2

Here, C;
structural complexity, while C; > 0 reflects the presence of lo-
cal structural complexity, with larger values corresponding to
higher complexity. Finally, the total complexity C of the sys-
tem is obtained by summing over all local complexities

logé L

c=Y) G 3)
k=1

3. Results
3.1. The results for the full text

We analyzed the time series derived from the full texts of
ADRM and AMAB, whose structural complexities are shown
in Fig. 3. The figure depicts the variation of structural com-
plexity Cy, with scale & for character-frequency time series con-
structed by counting the occurrences of each Chinese char-

acter in the complete texts. As k increases, representing a

higher degree of coarse-graining, both works exhibit a roughly
parabolic trend in Ci, with complexity initially rising and then
declining. However, clear differences emerge between the
two novels: the peak complexity of ADRM occurs at k =5,
whereas that of AMAB appears at k = 4. Furthermore, at all
scales, AMAB consistently exhibits higher complexity values
than ADRM.

These differences likely reflect underlying variations in
textual structure and linguistic style. The shift in peak position
indicates that the characteristic repetition cycles of semantic
or structural units differ between the texts: a coarse-graining
scale of k =5 captures the longer recurring patterns in ADRM,
whereas k = 4 is more suited to AMAB. Additionally, the
consistently higher complexity observed in AMAB may re-
sult from greater diversity and uneven distribution in narrative
pacing, character appearances, and word usage. This variabil-
ity enables more structural information to be preserved after
coarse-graining, leading to higher complexity values across all

scales.
3.0_(3‘) 6 (b)
2.5} 5
4-
2.0}
$) 3t
1.5F
2-
1.0+ 1k
—o0— ADRM —o— AMAB
0'50246810120024681012

k k

Fig. 3. The local complexity C; of the complete texts of ADRM and
AMAB at different scales k. Panel (a) shows the local complexity distri-
bution of ADRM, while panel (b) shows that of AMAB. The parameter k
represents the analysis scale, with each value corresponding to a distinct
level of structural organization in the text.

3.2. The results for the text divided into two parts

We further divided the time series corresponding to
ADRM and AMAB into two sequential parts. For ADRM,
the text is divided into two parts based on both structural and
historical considerations: the first 80 chapters, generally at-
tributed to Xueqin Cao, and the remaining 40 chapters, likely
completed by E Gao.['9! Similarly, for AMAB, the first 70
chapters are generally attributed to Nai’an Shi, while the latter
30 chapters may have been added by Guanzhong Luo.!!”! This
segmentation allows us to analyze the local complexity of each
part separately, capturing potential differences in writing style,
structural features, and linguistic patterns between the origi-
nal and later sections. This segmentation aligns with standard
practices in time series and complex network analysis, where
long sequences are partitioned to reveal local variations that

[36]

might be obscured in the overall analysis.'”*' Figure 4 presents
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the variation of structural complexity C; with scale k for each

part.
3ol ADPRM - (a) 6l AMAB  (b)
2.5¢ o
4+
2.0f
e
O 3r
1.5F
2F
1.0 —o—Part 1 1F —Oo—Partl
—O—Part 2 —O—Part 2
0.5 1 1 1 1 1 1

0 2 4 6 8 1012 0024681012
k k

Fig. 4. The variation of local complexity C; for ADRM and AMAB when
the texts are divided into two sequential parts. Panel (a) shows Cj for
ADRM, with the purple curve representing the first 80 chapters and the
green curve representing the last 40 chapters. Panel (b) shows C; for
AMAB, with the purple curve representing the first 70 chapters and the
green curve representing the last 30 chapters.

The results reveal that: (i) For both ADRM and AMAB,
C. exhibits a parabolic-like pattern with increasing k, first ris-
ing and then falling, consistent with the whole-text results in
Fig. 3. The peak complexity appears at k = 5 for ADRM and
at k =4 for AMAB. (ii) Across all scales, AMAB consistently
shows higher complexity values than ADRM. (iii) Noticeable
differences exist between part 1 and part 2 for both novels, es-
pecially at smaller scales, with the difference being especially
pronounced in ADRM.

These findings may be linked to differences in writing
style caused by changes in authorship. Historical records in-
dicate that the first 80 chapters of ADRM were written by
Xueqin Cao, while the final 40 chapters were completed by E
Gao, whose narrative rhythm and patterns of lexical repetition,
as reflected in structural complexity, differ considerably from
those of Cao. In contrast, the first 70 chapters of AMAB were
authored by Nai’an Shi and the last 30 by Guanzhong Luo,
who is believed to have been Shi’s student, likely resulting in
greater stylistic consistency. Such differences are particularly
evident at smaller scales, reflecting differences in local word
usage and structural patterns.

3.3. The results for the text divided into three parts

To further verify the robustness of the previous observa-
tions, we divided the time series of ADRM and AMAB into
three sequential parts: for ADRM, part 1 corresponds to the
first 40 chapters, part 2 to the middle 40 chapters, and part 3
to the final 40 chapters; for AMAB, part 1 includes the first
35 chapters, part 2 the middle 35 chapters, and part 3 the fi-
nal 30 chapters. Figure 5 presents the variation of structural

complexity C; with scale k for each part.

6
M
50 AMAB (b)
5 L
2.5
4-
2.0
9] 3r

1.5

—O—Part 1

—O—Part 2

1.0

—4&—Part 3

—4—Part 3

02 4 6 81012 0 2 4 6 8 1012
k k

Fig. 5. The variation of local complexity C;, for ADRM and AMAB when
the texts are divided into three sequential parts. Panel (a) shows C; for
ADRM, with the purple, green, and blue curves representing the first 40,
middle 40, and last 40 chapters, respectively. Panel (b) shows C; for
AMAB, with the purple, green, and blue curves representing the first 35,
middle 35, and last 30 chapters, respectively.

3.4. The results for the text divided into parts of 10 chap-
ters each

The results reveal that: (i) For both ADRM and AMAB,
C}. exhibits a parabolic-like pattern with increasing k — first
rising and then declining — consistent with the overall trends
in Figs. 3 and 4, with peak positions remaining at k = 5 for
ADRM and k = 4 for AMAB. (ii) At all scales, AMAB main-
tains higher complexity values than ADRM, in agreement with
the findings from the earlier figures. (iii) In both works, the
curves for part 1 and part 2 nearly overlap, indicating similar
structural complexity characteristics, which can be attributed
to having been written by the same author. In contrast, part
3 differs noticeably from the first two parts, particularly at
smaller scales, with this difference being slightly larger in
ADRM than in AMAB. This likely reflects changes in narra-
tive rhythm, character occurrence frequency, and lexical pat-
terns in the later chapters. Specifically, the final 40 chapters of
ADRM were completed by E Gao, whose writing style differs
from that of the original author Xueqin Cao, whereas the final
30 chapters of AMAB were completed by Guanzhong Luo,
who had a close literary relationship with Nai’an Shi, likely
resulting in smaller stylistic differences, and consequently,
weaker complexity changes across parts in AMAB.

Building on the preceding analyses of the whole texts, the
two-part division, and the three-part division, we further ap-
plied a finer segmentation scheme. Specifically, ADRM and
AMAB were partitioned into 10-chapter segments: 12 seg-
ments for ADRM and 10 segments for AMAB. For each seg-
ment, we computed the local complexity Cy, and then averaged
contiguous segments to form three parts: for ADRM, the av-
erages over segments 1-4, 5-8, and 9-12 define part 1, part
2, and part 3, respectively; for AMAB, the averages over seg-
ments 1-3, 4-7, and 8-10 define part 1, part 2, and part 3,
respectively.

For ADRM (Fig. 6), the curves for part 1 and part 2 are
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nearly identical across most scales, with a marked deviation
of part 3 from the first two parts only at k = 7 and k = 10.
This suggests that the first eight segments share similar struc-
tural complexity patterns, while the last four segments display
distinct structural features at certain scales, likely related to
the fact that the final 40 chapters were authored by a different
writer.

3.0

2.5

2.0

Ck

1.5

1.0

0.5

Fig. 6. The variation of local complexity C; with scale k for ADRM,
when the text is divided sequentially into 10-chapter segments. The pur-
ple, green, and blue curves represent the average Cy for the first 40, middle
40, and final 40 chapters, respectively.

For AMAB (Fig. 7), the three parts exhibit some varia-
tion but without a clear or consistent trend. In light of the
results from Figs. 4(b) and 5(b), this lack of pronounced diver-
gence may reflect the apprentice—master relationship between
the two authors of AMAB, leading to greater stylistic similar-
ity as reflected in structural complexity. Moreover, the reduced
length of each segment after division may limit the ability to
detect differences between part 3 and the other two parts at
finer scales.

Cy

0 2 4 6 8 10 12
k

o

Fig. 7. The variation of local complexity C; with scale k for AMAB,
when the text is divided sequentially into 10-chapter segments. The pur-
ple, green, and blue curves represent the average Cy for the first 30, middle
31 (chapters 40-70), and final 40 chapters, respectively.

4. Discussion and conclusion

Complexity analysis of textual data has been widely ap-
plied in literature, historical documents, and linguistic stud-

ies to uncover structural features and patterns of informa-
tion distribution.[*”] As the saying goes, culture is the soul
of a country and a nation,*®! providing a value orientation
for our research on classical literary works such as ADRM
and AMAB, and enabling a deeper appreciation of the unique
charm and profound heritage of China’s traditional culture
when analyzing the structural and semantic complexity of
these works. Previous approaches, such as word-frequency
statistics, entropy measures, and network-based models, have
achieved significant success in quantifying textual proper-
ties and distinguishing between different genres or authorial
styles.[28’29’39] However, these methods face limitations when
applied to lengthy Chinese classical novels, particularly in
capturing structural features across multiple scales and detect-
ing recurring patterns at different hierarchical levels. Such
constraints hinder a precise characterization of structural vari-
ation within long literary works.

To address these limitations, this study applies a multi-
scale structural complexity framework to two of China’s Four
Great Classical Novels: ADRM and AMAB. Using character-
frequency time series and analyzing their structural complex-
ity Cy across different coarse-graining scales k, we system-
atically examine differences in both global and local struc-
tures. To ensure a comprehensive assessment, we investigate
not only the full texts but also progressively finer segmenta-
tions, including a two-part division, a three-part division, and a
10-chapter segment-based division, thereby validating the sta-
bility and patterns of the complexity features from multiple
perspectives.

The whole-text analysis shows that the structural com-
plexity of both novels exhibits a parabolic-like trend with in-
creasing scale k, yet their peak positions and overall com-
plexity levels differ markedly: ADRM peaks at k = 5, while
AMAB peaks at k = 4, and AMAB consistently shows higher
complexity values at all scales. These differences suggest
variations in the characteristic repetition cycles of semantic
or structural units, with AMAB demonstrating greater diver-
sity in narrative rhythm, character distribution, and vocabulary
usage, thereby retaining more structural information across
scales.

Local analyses further reveal structural contrasts. In both
the two-part and three-part divisions, AMAB exhibits smaller
inter-part differences than ADRM, consistent with historical
accounts indicating that the two authors of AMAB had a
In contrast, ADRM shows
more pronounced differences between parts, likely reflecting

master—apprentice relationship.

the change in authorship between its first 80 and final 40 chap-
ters. The finer 10-chapter segmentation further confirms these
observations: ADRM’s part 3 diverges notably from the first
two parts at specific scales (e.g., k = 7 and k = 10), whereas
AMAB’s three parts differ only slightly and without a clear
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pattern, again supporting the hypothesis of greater stylistic
consistency in AMAB.

This study offers a novel methodological perspective for
literary analysis by employing multi-scale structural complex-
ity, providing empirical insights into the stylistic and struc-
tural diversity of two classical masterpieces. These findings
contribute to quantitative stylistics, authorship attribution, and
the study of textual organization in classical literature. How-
ever, the current analysis relies solely on character-frequency
sequences and does not yet incorporate higher-level semantic
information. Future work could integrate semantic networks,
topic modeling, or syntactic analysis with multi-scale com-
plexity measures. Such integration would help uncover deeper
structural regularities and extend the applicability of this ap-
proach to a wider range of texts and languages.
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